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A Differentiable POGLM with Forward-Backward Message Passing  

visible/hidden
spike counts

visible/hidden
firing rates

convolved historybias weight
Observed variable: visible spike train

visible neurons and                      hidden neurons.

Latent variable: hidden spike train
Generative parameter set:

Evidence lower bound:

Replace the distribution            in the generative and variational model with the
following distributions governed by                  . 
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Primary visual cortex (cncrs: PVC-5)
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Variational model q(Z|X;φ) parameterized by φ : 

related to inference methods related to sampling schemes
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Three message passing designs:
c mimicking the bias b
A mimicking the weight W.
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